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Improving machine translation performance is an urgent task for the Tokyo

Olympics. In this research, we worked on automatic evaluation of machine translation and multimodal
machine translation.

In machine translation training, translated sentences that differ superficially from reference
sentences are penalized even if they are semantically correct. Therefore, we proposed an automatic
evaluation method using vector representation of sentences, and achieved high correlation with human
evaluation while reducing the dependence on reference sentences.

In conventional multimodal machine translation, images are divided into uniform sizes, which makes
matching with text difficult. Therefore, we proposed a multimodal machine translation method using
images divided into semantic units and improved the translation quality.
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