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in-hand"s object states estimation by a visual-tactile sensor in a robotic
gripper
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i We made a visual-tactile sensor and aBplied the sensor to a problem to
classify states of grasping screws. We proposed an algorithm based on ResNet50 for classifying the

states; the number and the poses of the grasping screws. The classification rate became 96.8% by
using 200 images captured by the visual-tactile sensor. We realized in-hand"s object state
recognition which was hard to be realized by traditional tactile sensors.
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