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1oT (Internet of Things) Society 5.0

loT

Large MIMO is one of the most promising technologies in the fifth generation
and beyond (5G+) and sixth generation (6G) networks, in order to achieve high spectral efficiency
and massive connectivity. To achieve this, low-complexity signal processing is indispensable for the
base station to process multi-dimensional information. In this project, we focused on the signal

separation in the uplink scenarios, and aimed to develop a low-complexity and high-accuracy
large-scale multi-user detection (MUD) method by integrating belief propagation (BP) and deep
learning. The proposed framework can optimize the BP-based detector via data-driven tuning with
appropriate loss functions according to various communication parameters to improve the detection
capability in practical MUD.
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