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Development of computer-aided diagnosis system for colorectal cancer in CT
colonography using deep learning
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We have developed a diagnostic assistance system for colon cancer using CT
colonography and deep learning. By integrating computed tomography (CT) technology with Al
ggchnolggy, it is possible to significantly improve the accuracy and efficiency of colon cancer

iagnosis.
The system uses a deep learning model to extract features of colon cancer and to confirm the
presence of the disease based on these features. The model is trained using a large amount of CT
colonography image data, resulting in high sensitivity and specificity.
This system not only supports the diagnostic work of radiologists, but also improves the accuracy
and Sﬁeed of diagnosis. This allows for the early initiation of treatment for patients, contributing
to the improvement of prognosis for colon cancer.
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