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WFZERL S DOEZE (F30) : In this study, an image decomposition into a set of components with
different features is proposed. The proposed decomposition is achieved with learning of
representative micro structures of an image. The image is decomposed into components;
each of them is generated by a linear combination of the translated microstructures. In the
learning, the sparsity prior is imposed on the occurrences of the microstructures. The
learning of the representative structure is applied to image inpainting, which is recovery of
the original image from a degraded image with missing pixels. By using the learning, the
micro structures of the original image are successfully learnt from the degraded image.
Simultaneously, the missing pixels are recovered with the learnt structures.
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(b) Recovery with SE learning
PSNR: 28.6dB

(a) Degraded image
PSNR: 9.6dB
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(c) Switching median filter (d) TVEquivaIent (Haar basis)
PSNR: 24.0dB PSNR: 25.8dB
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(a) Degraded ima (b) Recovry with SE Iearnng
PSNR: 7.6dB PSNR: 23.3dB

(c) Switching median filter (d) TV Equivalent (Haar basis)
PSNR: 21.8dB PSNR: 22.9dB
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() Switching median filter (d) TV Equivalent (Haar basis)
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