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Discovering Ceramic Materials with Novel Compositions and Structures Based on
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Recent data science aided approach enables materials property predictions.
However, structural descriptors are often included for above prediction procedure, which inevitably
limits the search for new materials to existing databases. This study aims to discover new materials
not listed in existing databases by developing two data science-based methodologies: (1) a scheme
for evaluating the potential for material synthesis using machine learning predictions based only on
composition information, and (2) a scheme for creating a materials map using deep learning to
visualize composition and structural information in two dimensions (latitude and longitude).
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