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In this research, we developed machine learning methods for learning
knowledge representation models from data by optimizing the structure of computational graphs. We
showed that our methods could obtain interpretable and resource-efficient models by optimizing the
computational graph consisting of interpretable operation units. In addition, to improve the
scalability and efficiency of structure optimization, we developed and improved optimization
algorithms based on the gradient methods using relaxation schemes called stochastic relaxation and

continuous relaxation.
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