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In the research on urban automated driving, surrounding object recognition
utilizing onboard sensors’ information is one of the important technologies. Automated vehicles
have to generate safe driving behaviors taking into account the movements and intentions of
surrounding traffic participants such as vehicles, pedestrians, and cyclists. This research project
investigates a behavior prediction method considering both apparent and latent behaviors of objects.

We developed behavior prediction methods that can integrate multiple behavior models. In addition,
different behavior prediction models are designed including a behavior model that predicts movements
around the environment from a bird"s-eye view, a behavior model that predicts the interaction
between objects based on objects’ motion and a digital map, and a pedestrian posture estimation
model based on camera images.
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