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In this research, a crop growth model was incorporated into k.LAB, a WebGIS
system platform developed by the BC3 in Spein, to develop a system that enables crop growth
assessment at any location using this GIS system. A simplified version of AquaCrop was used as the
crop model. Canopy cover (CC), a plant growth indicator, was required as an input parameter.
Therefore, a method was developed to estimate CC using NDVI for soybean. This enabled the estimation

of CC, one of the parameters required for AquaCROP, and made it possible to evaluate crop growth in

k.LAB.
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(a)Relationship between NDVI and CC_0.5m (b) Relationship between NDVI and CC_1.0m (¢) Relationship between NDVI and CC_2.5m
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Regression  Standard
Factor coefficient  deviation ¢ Pr> Il
Intercept 0.248 1.981 12.507 <0.0001
NDVI 1.16 0.469 246.767 <0.0001
Ground Resolution 0.5m -0.003 1.983 -0.001 0.999
Ground Resolution 1m -0.003 1.991 -0.002 0.999
Ground Resolution 3m 0.043 2.074 0.021 0.983
Ground Resolution 5m -0.006 2.218 -0.003 0.998
Ground Resolution 10m 0.000 0.000
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