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Genomic long-range contacts mediate the regulation of ?ene expression, which

is essential for maintaining normal genome functions and for avoiding abnormal cell
differentiation. The long-range contacts in the spatial vicinity of target genes provide the 3D
space where a wide variety of transcriptional regulators are highly interacting with each other and
contribute to forming the 3D transcriptional domain. In this study, we developed a computational
model to comprehensively identify genomic and epigenetic regulators from the transcriptional domain
and analyze the impact of regulators quantitatively. This has enabled a more in-depth analysis of
the functional importance of the higher-order chromatin structures.
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