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Construction of a framework for searching similar graphs from graph databases

Inokuchi, Akihiro
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The first contribution of this stud¥ is to design the framework for graph
search. It is used as our common software foundation for solving graph search problems such as
supergraph search, similar supergraph search, and subgraph search. The second one is that we newly
defined the similar supergraph search problem and proposed the method for solving it. The similar
supergraph search problem is the problem of obtaining graphs similar to subgraphs of a query graph g
from a database of many graphs. Although both obtaining subgraphs and computing graph similarity
are NP-complete, we achieved a search method that works fast.
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