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We have developed our original fast basic linear computation library
supporting multiple-precision floating-point arithmetic, and already published it as open-source
project. That includes multi-component-way fixed-precision arithmetic and optimized routines using
AVX2, and multi-digit-way arbitrary precision arithmetic using C-native function call which can
reduce overhead due to C++ class. For matrix multiplication, the Ozaki scheme and the Strassen
algorithm have been implemented, so we have observed that the Ozaki scheme can be more efficient
than Strassen algorithm in middle-precision arithmetic, and already published it as the
international proceeding paper.
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