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A method for for generating normal model and discriminating anomalies by
adversarial autoencoder using a small number of defective samples

Kato, Kunihito

3,200,000

AE
AE AAE

AAE Deep SAD

AAE
AutoEncoder

This research focuses on the generalization phenomenon of Autoencoders (AE),
a deep learning method for anomaly detection. To solve this problem of AE, we studied a method in
Adversarial Autoencoders (AAE) where the latent space distribution is fit Gaussian distribution, and
a small amount of anomaly samples is used in the training to clearly learn the discriminating
boundary between normal and abnormal. Furthermore, We have also characterized our method of using
AAE by comparing it to other anomaly detection methods. Based on these results, we improved our
method and achieved high recognition performance in practical applications such as solder inspection
and aircraft exterior panel Inspection.
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