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In education, active learning, such as PBL, in which multiple people discuss
issues for which there are no clear answers, has gained importance in recent years. We have studied
the methods for understanding multi-party discussions and the summarisation techniques. On the

other hand, evaluating debate discussions is necessary in education. However, it is not easy for
evaluators to assess the quality and content of debates. In this research project, we created a
dataset for evaluating the quality of debate and proposed a multimodal estimation model for
estimating it. We also proposed and evaluated methods for various elemental techniques related to
discussion analysis, not only on the created data but also on existing datasets (AMI corpus and our
corpus created in the past).

In this research project, we created three datasets, and the datasets are available on the web.
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