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Development of a new lung function imaging system using deep learning that
adapts to the radiation therapy workflow.

Kajikawa, Tomohiro
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We investigated the construction and accuracy verification of a deep
learning system for generating lung function images based on CT images. Specifically, we constructed
and adjusted a general deep learning image generation model and collected data that met the
adaptation criteria. Then, we performed deep learning model training and accuracy evaluation on a
total of 71 image data sets (lung function images, CT images) that were obtained. We preprocessed
the data to enable smooth learning by the deep learning model. As a result, both qualitative and
guantitative evaluations showed relatively good agreement. These results suggest that it is possible

to generate lung function images from CT images using deep learning.
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