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Development and clinical evaluation of fast quantitative susceptibility mapping
for the liver using deep learning and compressed sensing
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Clinically obtained liver MRI images were collected retrospectively to
develop a fast MRI image reconstruction method that combines deep learning and compressed sensing.
Basic image quality evaluation of the images reconstructed by the developed method and image quality

evaluation by a diagnostic radiologist were performed. The images reconstructed by the developed
method showed superior image quality compared to the conventional method. Liver quantitative
susceptibility mapping images were acquired by the developed method, but the clinical usefulness of
the liver susceptibility images could not be found within the study period.
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