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In this study, causal discovery methods have been developed in the presence
of unobserved variables. Statistical causal discovery is the inference of causal relationships
between variables based on certain assumptions about the observed data and the processes by which
they are generated. Previous studies have assumed the absence of unobserved variables and could only

be applied to limited types of data. In the present study, such assumptions were removed, allowing
statistical causal discovery methods to be carried out for a wide range of data. In particular, this
study was able to propose a method that can be applied to both cases where the causal function is
linear and non-linear.
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