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Study on fast and accurate classifier learning method from unlabeled big data
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With the widespread adoption of Al technology, there is an increasing demand
for classifier learning from unlabeled big data due to constraints and costs associated with data
collection. In response to this issue, the UUC method, which learns classifiers from two unlabeled
datasets with different proportions of positive and negative examples, has been proposed. However,
existing methods require vast computational resources for large-scale data and suffer from bias
error in classification.
In this study, we propose a versatile UUC method which requires low computational cost only, and is
free from bias error. We applied this method to the classification of various datasets, including
real data, and verified that unsupervised learning without teaching labels is possible with almost
the same accuracy as supervised learning. This establishes a UUC method that far exceeds the
application range limitations of the existing UUC methods.
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