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Development of a platform for analyzing cerebral tissue electron microscopy
images using machine learning
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) _In recent years, technologies have been developed to automate various steps
of electron microscope image acquisition, and electron microscope images with enormous amounts of

information can now be obtained. However, the analysis of these images still relies heavily on
manual operations, and this is still the rate-limiting factor in the analysis of tissue

microstructures. In this study, we developed a tool for analyzing electron microscopy images of
cerebral tissue using machine learning, which has made remarkable progress in recent years, to

improve the efficiency of intracellular organelle segmentation, thereby enabling the analysis of
organelle microstructure that has been impossible until now.
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