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This research analyzed deep reinforcement learning agents’ performance in
multiagent system with agents having different resolution in input each other to clarify the neural
network can abstract the resolution appropriately. Furthermore, this research extended the previous
method which enable agents to learn cooperative policy each other in dynamic environment into deep
reinforcement learning to result the agents learned a cooperative policy in multiagent maze problem
with agents having different resolution in input. At the end, this research introduced LSTM which
can learn in time-sequential data into the proposed method to result that the agents can learn
synchronously in that maze problem with environment being extended to dynamic one.
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