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A revised Group Method of Data Handling (GMDH)-type neural network algorithm for medical
image diagnosis is proposed and is applied to medical image diagnosis of liver cancer that is called
hepatocellular carcinoma (HCC). In this algorithm, the knowledge base for medical image diagnosis are
used for organizing the neural network architecture for medical image diagnosis and the revised
GMDH-type neural network algorithm can identify the characteristics of the medical images accurately.
The optimum neural network architecture fitting the complexity of the medical images is automatically
organized so as to minimize the prediction error criterion defined as Prediction Sum of Squares (PSS)
and it was shown that the revised GMDH-type neural network could be easily applied to the medical
image diagnosis.
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Fig.1 Architecture of revised GMDH-type neural
network
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Fig.4 Output image after the first post-processing
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Fig.10 Original image

Fig.11 The image of the

obtained in the late phase  difference in density
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