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MR R o2 (353C) : This research aims to realize Reinforcement Learning (RL)
system that has more applicability in order to reduce designer’s burden when he
constructs RL agent’s state and action spaces. First, I have proposed “Switching RL
model” to mimic an infants’ motor development and a method to switch learning
modules. Further, I have proposed “Developments RL model” to mimic infants’
perceptual and motor developments and a method to co-construct state and action
spaces. Therefore, proposed methods have realized to reduce designer’s burden and
increase an applicability of RL to the real world.
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