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This study is included in a series of studies of “Improvement of machine learning
algorithms via Bayesian inference” by the reporter. In the period of this study, the results
are obtained, which are mainly related to (i) natural prior for online Bayesian machine
learning and (ii) applications of real data with Bayesian machine learning with real data.
In addition, one book related to this study was published, and the results related to this
study were presented in 8 conferences/workshops with the co-researchers.
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- “Maximum a posteriori estimation for
Dirichlet process language models” ,

- “Dirichlet process EM algorithm for
semi—supervised learning”

LRE LT s e 3R 2 RS B D AP FERCR &
LTRLNATND.



(2) XA XFEEOFEISHIZEET D

KW ZIZEHETSZET LT AV ITY X L%
WIS HICBET 2 AF5EIC Wi, Mk
Wz

- “An MCMC algorithm for gene regulatory
network prediction with Bayesian
network”

- T a4 V7 VIBRRFERTO A & VT
KR D 7= 3 D WAL E 7 L OYLIE & HE
EE

- “A gene regulatory network prediction
algorithm using a Gaussian Bayesian
network model with a Box—Cox
transformation”

- “A non—parametric Bayesian algorithm
for predicting gene regulatory networks
with a Gaussian process” ,

- “A novel gene ontology prediction
algorithm wusing infinite mixtures of
hidden Markov and binary models with a
Dirichlet process prior” ,

- R BRI TETAE N AR
= AR MEHOFEREL”

EH LR 6 E DR REDPMERSS L LT
BonTWD. 0¥, ZoHo 1 FEZEHRD
F 4 )7 ViR E AW, X gLk
FEEZRNZHLDOTHEHS.

72, THhBHOREIE, AKR—Y A b
T, BT — X IR E ST — 2T
HRA RZEDOISHICET 20 THD, K
FEICB#E T 2T 0, T3 XAOEA
VN RTRE A R RCRBE & AL EAT T A 2 &
MNTXD.

FZ, MR R AR SRR I BT D
D D> O Ff SCERR O BeFR L 72 i SC A B % i
VEA2FER L CWD. £72, B X 5 I2F
X2 2HEENDIL, XA REE O -5k
TFEICHET MR ELEDTEY, Zhic
DT, Ak, HURBRESITTREEL
TWFTfETH 5.

5. E7pdEFam L
(WFFEIRFRAE . WFIE A M ONEEE TR (1
ES 7Y

(xR GHefh)
(D H. Miyachika, J. Maruyama, T. Kaburagi,
Y. Nakada, T. Matsumoto, T. Kimiwada, and
K. Wada, “An MCMC algorithm for gene
regulatory network prediction with
Bayesian network” , InCoB2010, 2010 4E 9
H 28 H, Tokyo, Japan.

© mels ®E. EHE &, B R,
WA . “T 4 V7 ViBRRERIOME A
- — M RERER D T D DR R ALK E T LD
LR L HEETE” . MIRU2010. 2010 45 7 H 29
H, &I TBDCEERERRE > Z—.

@ H. Miyachika, T. Kimiwada, J. Maruyama,
Y. Nakada, T. Kaburagi, T. Matsumoto, and
K. Wada, “A gene regulatory network
prediction algorithm using a Gaussian
Bayesian network model with a Box—Cox
transformation” , ISMB2010, 2010 4 7 H
12 H, Boston, MA, USA.

@ T. Kikuchi, Y. Nakada, T. Kaburagi and
T. Matsumoto, “A non—parametric

Bayesian algorithm for predicting gene
regulatory networks with a Gaussian
process” , ISMB2010, 2010 £ 7 H 12 H,
Boston, MA, USA.

® T. Kaburagi, N. Tagoto, K. Oota, T
Tokuda, Y. Nakada and T. Matsumoto, “A
novel gene ontology prediction algorithm
using infinite mixtures of hidden Markov
and binary models with a Dirichlet process
prior” , ISMB2010, 201047 A 11 H, Boston,
MA, USA.

® RIEFEE, ZZEERE, HHEVETE, AR,
ANBRI, SRR, KT, XA X[Eh~
NaTEFTNEFWIZAR—=Y A X
HOBKE” | E— 88k AT 7TH
firifFgess. 2010 4= 3 H 16 B, FEIREKFEL

2y
FEb.

@ T. Kimura, Y. Nakada, T. Tokuda and T.
Matsumoto, “Dirichlet process EM
algorithm for semi—supervised learning” ,
7" workshop on Bayesian nonparametrics,

2009 46 H 23 H, Tronto, Italy.

T. Tokuda, T. Kimura, Y. Nakada and T.
Matsumoto, “Maximum a  posteriori
estimation for Dirichlet process language
models” 7" workshop on Bayesian
nonparametrics, 2009 4= 6 H 23 H, Tronto,
ITtaly.



(HE) G114

OHFHEFE, BMERKFEHR, 7 hrn
TEIZHAD R R OYERIZBE T 2058,
2009, 306.

6. HFFERERR
(D) WFgEfFs

A PESE (NAKADA YOHET)
FILFRBERT - BTHEE - 3P
HFge 825 1 70434298



