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In this study, we developed methods and Brocedures to deal with mixed
measurement level and high-dimensional data in existing methods by (i) reduction of the scale size
with minimum information loss, (ii) efficient analysis of the reduced information and complexity,
(iii) propose of a procedure that enables processing of mixed measurement level data and text data,
and (iv) efficient computation. The existing methods we used are principal component analysis, fuzzy
c-means, and text mining. Quantification by non-metric principal component analysis, simultaneous
estimation of quantification and dimension reduction, topic model and heat map are used to reduce
the size and complexity. In order to obtain the results efficiently, variable reduction and
computtional acceleration are also proposed. The effectiveness of the proposed methods/procedures
are confirmed by the performance evaluation.
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