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Improving Speaker Recognition by Using Linguistic Information Inherent in Speech
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Aiming to improve speaker recognition technology, which has not yet been put

into practical use compared to facial recognition or vein recognition, we investigated methods for
utilizing the linguistic information contained in speech and demonstrated the effectiveness of
recent deep learning models. We also examined the discriminability of generative Al, including
large-scale language models, which have made remarkable progress in recent years, and humans.
Furthermore, to clarify the capabilities and behavior of generative Al, we compared the quality of
text data produced by large-scale language models and demonstrated that state-of-the-art models,
such as GPT-4, have text generation capabilities equal to or greater than humans. We also examined
image captioning models, quantitatively measuring the capabilities of the latest models in image
classification tasks.
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