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Highly Efficient Brain-Machine Edge Devices Using Deep Learning for loT
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Brain-machine interface (BMI) technology that enables carers to actively
control machines using electroencephalography (EEG) is expected to improve the comfort of people
requiring care in their living environment and reduce the burden on care workers. The main focus of
this study is on EEG during motor imagery (MI) and on improving the processing efficiency of MI
classification using deep learning, which requires a large amount of data for training, increasing
the burden on carers. Therefore, the weights of previously trained models were re-trained and
fine-tuned to achieve high classification accuracy and reduce the amount of data required for
training. As a result, a BMI that can be used for long periods of time and with minimal response

delay has been achieved.
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