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Development of temporal feature extraction method based on dynamical chaos and
its application to video recognition
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In this research project, we proposed a method for extracting important
features or parameters for deep learning models, especially for deep learning models that require
temporal information transitions, such as video data. Specifically, we proposed an effective feature

extraction method for Long Short-Term Memory (LSTM), which has been widely used in deep learning
models for series data, and for Transformer and Vision Transformer (ViT), which have achieved high
recognition accuracy in recent years and are widely used. We proposed a branch-and-branch pruning
method for feature extraction.

Transformer Network Pruning
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