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Can Distributed Representations of Disease Learned from Academic Journal
Abstracts Represent the Distance Between Diseases?
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Presently, no systems can be applied in actual medical settings to aid or
replace the acquisition of diagnostic reasoning methods. 1 hypothesized that calculating disease
similarity (inter-disease distance) could be instrumental in creating such systems. By training on
1,842,156 abstracts from the Central Medical Journal with Word2Vec, | procured distributed
representations (disease vectors) of words denoting diseases and successfully calculated their

distance.
I found 8,031 disease vectors corresponding to the International Classification of Diseases, 10th

Edition (1CD-10), which match 3,915 ICD codes. Cohen®s correlation coefficient reached a maximum
value of 0.7748. Adjusted Rand index, standardization, normalized mutual information, and adjusted
mutual information for ICD codes achieved maximum values of 0.3208, 0.8783, and 0.4242,

respectively.
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