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In this research project, "Challenging Research on the Integration of
Economics and Machine Learning with Causal Inference as the Glue Point”, we will promote research on
the integration of econometrics and machine learning, which have developed independently, using
causal inference, which identifies cause and effect, as a cue to develop evidence-based policy
making (EBPM), a new approach to policy making. The aim of this project is to respond to the
societal demand for evidence-based policy making (EBPM) and to break new ground in empirical
economics.
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Abstract: This study investigates the different impacts of monetary and nonmonetary incentives on
energy-saving behaviors using a field experiment conducted in Japan. We find that the average reduction
in electricity consumption from rebate is 4%, while that from nudge is not significantly different from
zero. Applying a novel machine learning method for causal inference (causal forest) to estimate
heterogeneous treatment effects at the household level, we demonstrate that the nudge intervention’s
treatment effects generate greater heterogeneity among households. These findings suggest that selective

targeting for treatment increases the policy efficiency of monetary and nonmonetary interventions.
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