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LTI, HEEEMDHRZE L7 cAS (Cunning Ant System) % Fu 7=,

MR R S OB ZE (3530 : As a bio-inspired computational paradigm, ant colony optimization (ACO) has
been applied with great success to a large number of hard problems. In solving these problems, fast
execution of the algorithm is important. In this research, we studied following two approaches for fast
execution of the ACO algorithm; (1) parallel execution using multi-core processors, (2) massively
parallel execution of the ACO algorithm using graphics processing units (GPUs). As for ACO algorithm,
we used cAS (Cunning Ant System) which was developed in our previous study.
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