©
2011 2013

Design and Analysis of Efficient Class-oriented Graph Mining Systems

Shoudai, Takayoshi

4,000,000 1,200,000

€Y

@ (FGS)

Our object of this research is to develop an effective graph pattern designing sys
tem for efficient data mining from graph-structured data. During this research period, the following resul
ts mainly were obtained.

(1) A tree contraction pattern (TC-pattern) is an unordered tree-structured pattern common to given unorde
red trees, which is obtained by merging every uncommon connected substructure into one vertex by edge cont
raction. We show that an important subclass of TC-patterns is polynomial-time inductively inferable from p
ositive data. Moreover, we discuss the optimization versions of the learning problems for TC-patterns, and
give the conditions under which the optimization problems are hard to compute.

(2) We introduce context-deterministic regular formal graph systems (FGS) as one of the effective graph pa
ttern designing systems, and propose a polynomial time algorithm for learning the class of context-determi
nistic regular FGSs in the framework of MAT learning.
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