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WFGeR RO EE (3532) : This research aims to develop a nonparametric Bayesian model
that can be used for jointly performing source separation and structure learning of music
audio signals in an unsupervised manner. First, we have studied on structure learning
of music scores (symbolic data). Since we need to deal with an infinite number of kinds
of chords (pitch combinations) that do not always correspond to conventional chord labels
such as C major and D minor, we have proposed a probabilistic model that can represent
the generative probability of each chord and the transition probabilities between
adjacent chords in a unified manner. Then, we have studied on source separation of mixture
signals (audio data). To separate a given mixture signal consisting of various timbres
and pitches into musical instrument parts (different timbres), we have proposed a
probabilistic model based on the source—filter theory and nonnegative matrix
factorization (N\MF). Future work includes the refinement of each model and investigation
of various ways to integrate both models.
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