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Attribute reduction of rough set theory is a methodology to remove irrelevant
attributes from a data set, which is based on discernibility/indiscernibility of object sets. In this
research, we have proposed two kinds of similarity/dissimilarity of objects based on the discernibility
for nominal data sets. Moreover, we have proposed data analysis methods using them. One is
dissimilarities for clusters, which are defined by the number of attribute subsets discerning two
clusters. The other is kernel functions reflecting discernibility, whose feature spaces are discerning
attribute subsets. We have apBIied those similarities and dissimilarities to clustering and decision rule
induction tasks. It is shown by numerical experiments that we can obtain clusters and decision rules
balancing classification accuracy and simplicity using proposed approaches.
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