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A study on image matching and description without knowledges about a scene

Kanazawa, Yasushi
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We have presented new approach for image matching. In image matching, we usually
choose a method, which is famous one or is good from own experience. However, the chosen method is not
optimal. Here, we proposed a method that adaptively and automatically selects ~“good"" feature extraction
and description method. In our method, we Ffirst divide an image into small regions and then adopt good
feature extractor and descriptor according to their characteristics. We can improve the accuracy of image
matching by our approach. While there are some problems in segmentation and matching computation, we have
shown the effectiveness of our method.
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