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This study aims at image retrieval using brain neural data obtained from
fMRI---BCI based image retrieval. In order to construct the foundation of BCl image retrieval, we have
conducted four brain decoding experiment, color circle, black-and-white shapes, emotional images, and
images which have different semantics. We used and compared four machine learning techniques, SWM,
backpropagation, random forest, and sparse logistic regression. The result shows that the accuracy of the
estimation of image is around 70%.
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