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Development of an adaptive learning type optimization method based on evolutionary
systems and application to reconfiguable device design
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This research aims at a development of an adaptive learning type optimization
technique that adjusts its search process based on the structure of a cost function. The developed
technique is applied to combinatorial optimization problems such as design problems of reconfiguable
device which have a large-scale and complex cost function. In the developed technique, information on the
structure of the cost function is collected in the process of optimization, and it is used to adjust the
search process of the solution. The developed technique is effective to quality improvement of the
solution and shortening at computation time. As a result, the solution of the high quality comes to be
obtained efficiently without adjusting the programs of each problem by hand, and without depending on the
scale and modeling of problems.
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