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The Knowledge Log is a record of our knowledge acquired daily in our life.
As compared to existing "life logs™, which record signals or simple symbols such as sitting, walking
and eating of our activities, we focus here on the record of knowledge as high-level symbols. Based
on the fact that most of our knowledge is coming from our reading activities, we put special
efforts on analyzing and acquiring knowledge logs through estimating quantity and quality of
reading. In addition, we have also developed various fundamental technologies about feature

matching, document image rertireval, recognition of characters, faces and objects, as well as a
large-scale character i1mage database.
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