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Development of communication support system based on intent recognition for
cerebral palsy
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An utterance style of a person with an articulation disorder, such as
cerebral palsy, is different from that of physically unimpaired persons, and his/her utterance is
often unstable or unclear, which makes it difficult for them to communicate. To develop a
communication-support system for them, we propose a new automatic speech recognition (ASR) system
using a new acoustic feature extraction technique, a voice conversion (VC) method for articulation
disorders that converts unclear utterances to clear utterances, and a multi-modal utterance
recognition system using a novel feature integration techni?ue based on a machine-learning approach.

Experimental results demonstrated that our ASR, VC, and multimodal recognition methods could
improve the speech recognition accuracy, the listening speech quality, and the multimodal (speech
and image) recognition accuracy in comparison with conventional approaches, respectively.
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