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CNN  support vector machine (SVM)

In the convolutional neural network (CNN), features with invariance under
parallel translation, which is essential in image recognition tasks, can be learned by training the
neurons that translate to each other by parallel translation together so that they have the same value.
Aiming at similar effect in the case of general transformations, we conducted a theoretical research
aimed at the ap?Iication of the theory that can answer the question on the presence of patterns in raw
data by uniformly defining algebraic representation of structures and their semantics in the data space.
Also, as _an example of application of learning algorithm, we compared algorithms for ground object
recognition for Landsat images using CNN and support vector machine (SVM).
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