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The neutrality of predictions made by machine learning is measured by dependency
between values of a specified attribute and predictions. In this research, we developed a framework that
controls dependency between prediction and a specified attribute values to achieve fairness, privacy
protection, and prevention of discrimination of predictions. One of the significant results of our study
is the ?eneralization analysis of neutrality, in which we proved that generalization neutrality can be
probabilistically upper-bounded by 0(1/V n) for unseen examples.
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