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In this project, we executed research for computational drug discovery. The
fundamental principle of most drugs is that a compound works to inhibit the function of a
particular protein. To know in advance which compounds will inhibit which proteins is difficult,
but in recent years computational methods have become developed which are expected to bring down
drug development costs.

In this research we developed a new method for the prediction of compound-protein interactions.
Among its many features, ours is special in that it requires neither big data nor complex artificial
intelligence (Al), yet can still build a highly predictive model. We disproved the current trend
of "big data dru? discovery" bﬁ developing a reproducible method and reported multiple scientific

papers. We are planning with pharmaceutical companies to apply the technology to joint research
projects.
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