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In this work, we study the task of early detection of pedestrians
dangerous behavior with the purpose of safe-driving assistance. We followed our plan and worked in
the following topics: (1) early detection of pedestrian; (2) early detection of pedestrian®s
behavior; (3) dangerous level estimation with pedestrians’ multiple attributes. Related to (1), we
developed occlusion-robust pedestrian detection approaches, and fast road surface estimation
approach which can be used to speedup pedestrian detection algorithms. Related to (2), we collected
a large-scale data set for driving dangerous estimation, and developed an attribute estimation
approach which can be used to predict pedestrian behavior and an attainable region estimation
approach which can estimate pedestrian’ area of behavior on the road. (3) we developed an
end-to-end learning approaches for estimating various driving dangerous, including pedestrian’ s
danger behaviors, based on the data set we collected in.
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