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The purpose of this study is to propose joint dimension reduction and
clustering to deeply consider the features of data, particularly large-scales data. To do this, the
followings are performed: gathering information in previous studies, reviewing dimension reduction
(including variable selection), proposing dimension reduction and clustering dealing with mixed
measurement level data, developing interactive interface, and improving computational efficiency.
The study is successful to provide some methods that handle the complexity including mixture of
measurement level in the context of principal components analysis, and that consider the features of

data by heuristic thinking and trial and error using developed interactive interfaces and proposed
acceleration algorithms in case where a huge number of computation is necessary such as large-scaled
data processing and variable selection.
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