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In a chemical plant, the values of the state variables are measured in real
time for operation and monitoring and are stored as the operation historical data at the same time.
But most of them are the historical data during normal operation. In this study, we have developed a

method to accurately predict the current normal state by referring to historical data during past
normal operation which has been accumulated in large quantities. Its usefulness has been
demonstrated by applying it to the boiler plant whose normal states are uncertainly varied.
Furthermore, we showed that the proposed method can be applied to soft sensors widely used for
estimating values of variables that are difficult to be measured in real time by numerical
experiments based on operational data in actual plant.
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