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Unconstrained energy harvesting and online behavior recognition based on ring-shape
wearable device
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In this study, to enhance the application of the unconstrained wearable
computing, we performed a fundamental research on the energy harvesting and online gesture recognition
issues under limited computing resource. Several different energy harvesting methods, like sunlight, body
temperature, radio waves, and so on, were evaluated on a ring size, extremely compact device. Moreover,
it was proposed to study a continuous gesture input method and the immediate recognition method.

Powering and recognition are two common issues for all of the wearable computing devices. This study is
to promote the fact that advancing the wearable computing from basic research to real application.
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