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Development of imputation methods for spatially dependent missing data
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We developed new imputation method for spatially dependent missing data. The
method attempts to apply spatial information to the prior distribution of missing values. We found
that [1] By using spatial information for prior distribution, the imputation accuracy of some
spatially auto-correlated explanatory variables can be |mproved (e.g., rent price, accessibility
index). 52 ] Prior spatial information on missing data may not be effective for variables with a high
{nugget sill} ratio; in other words, the measurement error and/or micro-scale variation is dominant
in total variation (e g-, FAR(Ratio) and age).
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