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5) Jukka Corander  
The topic is very timely internationally and most universities around the world are actively pursuing 
research initiatives in high-dimensional and Big Data analysis. However, your initiative sets itself 
positively apart from the majority of these activities by being focused on the modeling and inference to 
obtain sparse and interpretable representations of systems, in contrast to pure data mining and less 
structured approaches which are popular globally. The sparse modeling techniques explored and advocated 
within your initiative are at the forefront of gaining essential insight and predictions for complex systems 
such as human brain, cellular processes, astrophysics, evolution of bacterial populations, and so on. An 
appropriate use of empirical data is of utmost importance in these fields studying very high-dimensional 
phenomena, because unlike in the past, theoretical hypothesis driven work can no longer make advances 
at a rapid pace. The feedback from empirical studies performed through the lens of sparse modeling is now 
becoming the most essential ingredient for forming the theories for the future, since the explosion in the 
degrees of freedom of the system models.  I sincerely hope that the success of your initiative will feed into 
future funding possibilities of continuing similar activities on a national scale, as these are important for 
coordination of the research across universities and rapid dissemination of major advances in techniques 
and applications.


