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In this stud%, we applied state-of-the-art natural language processing
models to language data from psychotherapy and medical interviews. First, we used an extended BERT
model to predict therapist adherence to treatment protocols, demonstrating a certain level of
predictive performance. Similarly, the BERT model with a treatment manual dictionary yielded
comparable results. For empathy prediction in medical interviews using GPT-4, we found limitations
when relying solely on linguistic features. Using the SentenceBERT model, we extracted
depression-related thought patterns from psychotherapy worksheets, showing a correlation with
clinical outcome improvements. Finally, we developed a psychotherapy novel game using GPT-4 and
demonstrated its effectiveness in improving emotional expression scores through a randomized
controlled trial.
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