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Online Data-Mining Search for Multi-dimensional Search Intents
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We developed several search aI?orithms, which can coEe with a variety of
search intents. Also, we developed aggregate search algorithms, which searches for aggregate
information. We first classify search intents, and then developed the following search methods: (1)
We developed and evaluated data mining/machine learning algorithms, which discover executable
ueries for given search intents. (2) We developed and evaluated aggregate search algorithms
2including diversity computation and ranking), which searches for "aggregate" information.
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Paraphrases Found: Examples
“Lemons are considered a high vitamin c fruit”

an excellent source of vitamin ¢

rich in vitamin ¢

3. are high in vitamin ¢

4. lemons are packed with vitamin ¢

5. vitamin c obtained from lemons

6. lemons have a very high vitamin c content

7. boosts the immune system lemons are high in vita-
min ¢

8. lemons contain a high amount of vitamin ¢

9. lemons are a rich source of vitamin ¢

10. the best know natural sources of vitamin c are the
citrus fruit such as lemons

11. lemons are also sources of vitamins and minerals
other than vitamin c

12. lemons and limes help keep your skin looking its
best because they're rich in vitamin ¢

13. lemons are vitamin c rich citrus fruits

14. it is no longer news that we all need to use lemons
every day because of the high amounts of vitamin ¢

15. lemons contain vitamin ¢
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food [03,0.1...-1.2]
burger [0.3,-0.9 ... 0.1]
animal [1.2,-0.3 ... 1.1]
X M = |deer [03,01..02]

food [0.2,0.3..1.1]
burger [0.1,0.2 ... 0.1]
s@sgmes |animal [11,03..01)

mmmmmm deer [0.2,-0.1..0.2]

Torms | horse 103,0.2..03] horse [-0.4,0.1...0.1]
P PR | t train [ P |
X
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HBHHETEE:

the more frequently the word is used
the harder is to change its meaning.
e.g. food, burger, animal, dog, see, three
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