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Time Series Topic Extraction from Millions of Tweets after the East Japan Great
Earthquake Considering Author®s Role
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This research has developed a time series topic extraction method from
millions of Tweets that were posted after the East Japan Great Earthquake. Our method is using our
original community detection technique in bipartite networks. Our method considers the relationship
between the authors and the words as bipartite networks and explores the authors role by forming
clusters from them as topics. We utilize the random walk algorithm to effectively apply to big data.

As a result, by generating time series bipartite networks with authors and words (e.g. every 30
min) and employing our method, we found that our method could extract more precise topics compared
with the conventional methods such as LDA.
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